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The purpose of this work is to demonstrate the learning, by computer, of Proppian mor-
phological functions (Propp 1968). Later work will endeavor to test how morphologies
differ across cultures, and whether people are sensitive to the presence of these functions
in their cultural narratives. We begin with 16 single-move tales from Propp’s original
corpus (about 22k words), translated into English. The tales are then annotated semi-

17. Proppian Functions - locations of functions as identified by Propp

automatically by The Story Workbench annotation tool f@@fferent layers of meaning.
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For this purpose, I am also annotating the locations ot
Propp’s functions in his tales.

(3) Cross-validation analyses using different subsets
of the input data.
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